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Abstract

With the expected growth of public transport volumes within the next years, the simulation of
pedestrian flows to design new and assess existing pedestrian walking facilities becomes of in-
creasing importance. To get meaningful simulation results, accurate pedestrian flow models are
required. These models include the appropriate description of the pedestrian behaviour in nor-
mal as well as safety-critical conditions (e.g., evacuations). Furthermore, planners and engineers
require tools, which allow for fast and reliable simulations of real-world problems. In this paper,
we present some results from investigations performed with the commercial pedestrian simula-
tion tool SimWalk. The tool is based upon the (microscopic) Social Force Model (SFM), devel-
oped by Helbing and co-workers that describes the walking behaviour of pedestrians. To reduce
the computational complexity, the actual implementation is a reduced version of the SFM. Thus
one goal of this paper was to investigate the impact of the model simplifications on the simula-
tion results, i.e. to test, how realistic the pedestrian behaviour is. This was done by assessing the
model behaviour at the macroscopic as well as at the microscopic level. For the two parameters
that determine the pedestrian interactions, we tried to find optimal values such that a combined
assessment measure (macro and micro) was minimised. With this task, we also gained some in-
sight into the sensitivity of the simulation output on the model parameters.

The results show that even with the reduced SFM, the model shows realistic behaviour for the
investigated scenarios, both on the macroscopic and on the microscopic level. Furthermore, the
estimated values of the model parameters are well within the range suggested by references
(based on empirical investigations or estimates).

For the further development of the model/the tool we suggest: Additional tests and compari-
sons: (1) Refinement of the tests performed herein, i.e. more simulation runs on a denser pa-
rameter grid, (i) Comparison with trajectories from empirical investigations (at macro and mi-
cro level), (iii) Investigations on self-organised behaviour as found for example in two-
directional flows (lane formation) and at crossing flows (stripe formation); Model extensions:
(iv) Set the model parameters individually per pedestrian, whenever possible, (v) Investigation
of possible model extensions, towards the original version of the SFM (includes relaxation time
and anisotropy) and/or beyond (e.g., include a finite reaction time of the pedestrians); and (vi)

Integration of tactical behaviour (e.g., route choice).
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1. Introduction

With the expected growth of demand in public transport within the next 10 to 20 years (fig-
ures for the European Union and Switzerland see for example ARE (2002), ARE (2006) and
ZNV'V (20006)), the simulation of pedestrian flows to design new and assess existing pedestrian
walking facilities becomes of increasing importance.

To get reliable and meaningful simulation results, accurate pedestrian flow models are of fun-
damental importance. These models include the appropriate description of the pedestrian be-
haviour in normal as well as safety-critical conditions (e.g., evacuations). Furthermore, plan-
ners and engineers require tools, which allow for fast and reliable simulations of real-world
problems.

According to Hoogendoorn et al. (2001), one can describe the behaviour of pedestrians at
three different levels: at an operational, tactical and strategical level (for details see section
2.1). During the last two decades, various pedestrian walking models have been developed.
An overview on the approaches and on their classification is provided in section 2.2. Pedes-
trian walking models describe the pedestrian behaviour at the operational level. In addition to
these models, for several applications it is desirable to include decisions performed by the pe-
destrian at the tactical level as well, e.g., activity choice, route choice. These properties allow
the pedestrian, among other things, to adaptively (i.e. en-route) find the optimal ' path (route
choice) through a walking facility. A very good introduction on this topic is provided by Bovy
and Stern (1990). In the presented work we deal however only with the pedestrian behaviour
at the operational level.

In this paper, we present some results from investigations performed with the commercial pe-
destrian simulation tool SimWalk 2. The tool is based upon the (microscopic) Social Force
Model (SFM), developed by Helbing and co-workers (see references on microscopic models

above) that describes the walking behaviour of pedestrians at an operational level.

Previous studies with SimWalk carried out at ZHAW/IDP were focussed mainly on technical
aspects (Engler (2006a)) and on practical investigations of bottlenecks in a railway station for
different demand scenarios (Engler (2006b)). The aim of a recent work (Philipp (2007)) was

' Optimality in this context includes for example subjective utility maximisation, e.g., finding the path through a

walking facility, which requires a minimum amount of energy.

* http://www.simwalk.com



to estimate the range of the model parameters of the SFM by comparing simulations with ref-

erence data.

The paper presented here extends the work by Philipp (2007) in such a way that the simula-
tions were carried out with an improved implementation of the pedestrian model used in
SimWalk. Furthermore, additional performance measures were introduced, which allow for an

improved assessment of the model behaviour.

It is important to note, that the goal of this study was mainly to test the applicability of the re-
duced SFM and to find meaningful parameter ranges rather than to determine exact parameter
values. To derive more accurate parameter estimates, further research is required, which,
amongst other things, includes the comparison with real-world data (e.g., Hoogendoorn and
Daamen (2005)). Nonetheless, as we will see in section 5, the results show that most parame-
ter estimates are within the expected range and thus the reduced SFM forms a very good basis

for further investigations as well as for model extensions.

The rest of this document is structured as follows: In section 2 we give a brief overview on
the modelling of pedestrian behaviour. We describe the SFM in detail, as it forms the theo-
retical basis of SimWalk. In section 3 we describe the measures used to assess the simulation
outputs. Section 4 includes a short description of the test layout (geometry, demand scenario).
In section 5 we present the results of the investigations and in section 6 we summarise the
work and give an outlook on future research on this topic as well as on possible extensions of
SimWalk.



2. Modelling of pedestrian behaviour

In this section we provide a brief overview on the different pedestrian behaviour levels (sec-
tion 2.1) and on the approaches for modelling pedestrian behaviour (section 2.2). In section
2.3 we introduce the Social Force Model. In Section 2.4 we describe the reduced SFM (as it is
implemented in SimWalk) and explain the model parameters for which estimations were car-

ried out.

2.1 Levels of pedestrian behaviour

The behaviour of pedestrians may be described at three levels (for details see Hoogendoorn et
al. (2001), Daamen (2004), and Helbing (1997)):

= Strategical level: At the strategical level, long term decisions are made. This includes for
example determining the activities (pre-trip) as well as the sequence in which the activi-

ties shall be accomplished.

= Tactical level: Given the choices made at the strategic level, at the tactical level the pe-
destrian performs short to medium term decisions like activity choice and/or route choice
(en-route). This includes, for example to choose the optimal path from one activity loca-

tion (e.g., ticket machine) to the next (e.g., train doorway).

= Operational level: Given the choices made at the tactical level, the operational level de-
scribes the instantaneous physical motion (acceleration/deceleration, direction) of the pe-
destrian, which is determined, amongst other things, by her/his next intermediate target
and the interaction with other pedestrians or objects (walls, obstacles etc.). At this level,

the interactions play an important role.

2.2 Approaches for modelling pedestrian flows

During the last two decades, various pedestrian walking models have been developed . Most
of them are focussed on the pedestrian behaviour at the operational level. The model types in-
clude (i) microscopic models (e.g., Helbing and Molnar (1995), Helbing (1997), Helbing et al.
(2000), Helbing et al. (2002), Hoogendoorn (2001), Hoogendoorn and Bovy (2004), Teknomo
(2002), Still (2000), Daamen (2004)); (ii) gas-kinetic models (e.g., Helbing (1992), Helbing

? The references mentioned here cover detailed model descriptions as well as general introductions on the topic.

They do not assert one's claim to completeness but should rather list some important contributions to start with.



(1993), Hoogendoorn and Bovy (2000)); (iii) cellular automaton models (e.g., Kliipfel (2003),
Burstedde et al. (2001), Schadschneider (2002)); (iv) macroscopic (continuum) models (e.g.,
Maw and Dix (1990)), and (v) queuing models (e.g., Di Gangi et al. (2003), Lgvas (1994)).
Extensive references on pedestrian walking models can be found in Teknomo (2002), Helbing
(1997), Kliipfel (2003) or Daamen (2004).

Besides this classification of pedestrian walking models according to the modelling approach,
there are other criteria for classification as well (Daamen (2004)): (i) type of representation
(individual pedestrian or aggregated flow), (ii) type of behavioural rules (collective or indi-
vidual), (iii) scale (continuous or discrete), and (iv) application area (general or specific (air-

port, evacuation, railway station, etc.)).

We will not further elaborate the approaches at this point. However, we note that the SFM is a
microscopic simulation model, which describes the pedestrian behaviour on the operational
level. A detailed introduction to the SFM will be given in section 2.3.

For modelling and simulation of pedestrian flows, usually only the operational and tactical
level are considered, whereas the choices made at the strategic level are considered as exoge-
nous inputs. The investigations in the remaining part of this document deal mainly with as-

pects on the operational level.

2.3 The Social Force Model (SFM)
The SFM was developed by Helbing (1992, 1993), Molnar (1995) and Helbing and Molnér

(1995). The original version (Helbing and Molnar (1995)) considers the case of normal, i.e.
non-panicking, behaviour. Various model extensions and/or modifications were developed in
the last years (e.g., Lakoba et al. (2005), Helbing et al. (2000), Helbing et al. (2002), Hoogen-

doorn and Bovy (2003), to name only a few).

In the remaining part of this document, we will only deal with situations where pedestrians
are in ‘normal mode’, i.e. non-panicking, and thus rely mainly on the concepts described by
Helbing and Molnér (1995).

2.3.1 Basic idea

According to Helbing and Molnar (1995), we briefly summarize the idea of the SFM: It has
been suggested by Lewin (1951), that behaviour changes are guided by a so-called social field
/ social forces. Based on this idea, the SFM describes the motion of a pedestrian as if she/he

would be ‘driven’ by these forces.



The stimuli that cause pedestrians to move, consists of perception of her/his situa-
tion/environment and her/his personal aims (e.g., reach the next target area). Followed by psy-
chological and mental processes (information processing: assessing alternatives, utility maxi-
misation — decision — psychological tension, that forces the person to act) this leads to a
physical reaction (motion). With this in mind, a mathematical model for the different forces
‘acting’ on the pedestrian was formulated. However, although there are some similarities to
physical forces, the well-known third Newtonian law (“Actio” = “Reactio”), does not hold for
social forces (e.g., the repulsion of a wall on a pedestrian is only one-directional from the wall
to the pedestrian but not vice versa).

Taking the perceptions mentioned before, one defines a social force that describes the influ-
ence of other pedestrians or objects on the motion of a certain pedestrian. The personal inten-
sions on the other hand define a force which directs the pedestrian to her/his next intermediate
target. The model is discrete in time and continuous in space. At each time step, based on the
current forces, the acceleration/deceleration is computed for every pedestrian within the sys-

tem, resulting in the velocity and the position at the next time step, and so on.

One can say that a pedestrian acts as if she/he would be subject to external forces. This idea

has been mathematically founded in Helbing (1993).

2.3.2 Formulation of the SFM

The sum of forces ™ acting on pedestrian i determines its acceleration and is defined as

£ (t)=ml~dv(;—t(t)=ml~ai(t) N
10 (0)+ 3 5 () D (1) + Xbiu (1) + 28y, ()41 (1)
J(#i) w a g

where f;(¢) denotes the sum of all acting forces on pedestrian i and thus represents its accel-

eration a; (¢) at time 7, f (¢) denotes the force in direction of the pedestrians’ next (interme-
diate) target (the only component, which can be considered as tactical), f;; (¢) is the force ex-

erted by pedestrian j on pedestrian i, f;, (z) denotes the force exerted by object w (walls,

doors, obstacles, stairs, etc.) on pedestrian i, f; (t) and fl-g (t) represent the forces resulting

* In the remaining part of this document lower case bold characters (f) denote vector variables (e.g., a force in the

Cartesian coordinate system), and upper case bold characters (M) represent vectors or matrices.



from attracting elements (shop windows, large video screens, etc.) or groups of pedestrians,

and finally ; (7) is a noise term. In all subsequent computations we assume m; =m=1, Vi.

As such, all forces can be considered as accelerations.

Without loss of generality we omit the forces from attracting elements and groups of pedestri-

ans, i.e. f,, (¢) and f;, (¢), which leads to

£ () =12 ()+ 3 1, ()+ 20, 1)+, 1) @)

J(#)

We now briefly outline the four components on the r.h.s. of Equation (2). A detailed descrip-
tion of the model and its components can be found in Helbing and Molnér (1995).

1) Force ] (1):

i (1) _viey (1) 3

k

where v denotes the desired speed of pedestrian i, e, (r) =[rl-k —rl-(t)} / r; —rl-(t)H repre-

sents a unit vector directing to the next intermediate target rl-k at time 7, v;(¢) represents the
current velocity, and 7; is the relaxation time constant, which determines the time required to

accelerate from the current speed v;(¢) to the desired speed in the desired direction, i.e. to
v?el- (). The sequence of intermediate targets of pedestrian i is defined as {r~1,... rt, ..k }

l > l

where K denotes the overall number of selected targets (within the system) a pedestrian

wants to visit.

2) Force f;; () (repulsive):

The potential exerted by pedestrian j to pedestrian i due to their interaction, is defined as

r; r; (t)”
B |

U, (5;(1).1) = m; A exp —‘é—(.t)u = Aexp BL10| )

11>

1

where 1;(r)and r;(r) denote the position vectors of pedestrian i and j at time 7, and

r; (1) =r;(¢)—r;(r) is their difference. A; denotes the interaction intensity, i.e. it determines



the impact of external “forces” on pedestrian i. B; denotes the interaction distance, i.e. the

impact of distance | r; (t)” on potential U;; (rl-j (t),t) .

Finally, we compute the force as the gradient of potential U;; (rij (t),t) regarding r;

£ (5 (0).1) ==V, Uy (15 0).1)
(7)) ] x;(2) > @)

y

=D;exp| —

where parameter D; is defined by D; = A;/B; .
3) Force f;, (t) (repulsive):

The potential exerted by object w to pedestrian i, is defined as

U (FOt) = Ao [H HJ (H HJ ©

where 1; (1) denotes again the position of pedestrian i at time ¢, rfv (t) represents the point

{E

11>

on object w that is relevant for actions taken by pedestrian i, and T, (r)=r; (1) -1’ (r). A,

and B,, determine the impact of object w on pedestrian i, and are defined similar to A; and

B; in Equations (4) and (5):

fiw (fiw (t)’t) = _Vf‘l-inw (fiw(t)’t)

:DWeXp(_ filv;(t)” B (1) 7)

where parameter D,, is defined by D, = A, /B,, .

4) (t) is the sum of all stochastic fluctuations, i.e. small random accelerations/decelerations

of pedestrian i due to stochastic disturbances (internally or externally triggered).

Based on the known force f; () and thus the acceleration a; ( ¢) of pedestrian i at time 7, we

can now compute its speed and position at time ¢+ AT as

Vi(t+AT)=v, (1)+a;(t)AT ,and r; (1 +AT)=r;(t)+v,;(1)AT. (8)

10



As we will discuss in section 2.4 below, to reduce the computational complexity, a simplified
version of the SEM is implemented in SimWalk. Thus, the forces f(¢) and f;, () are not

modelled explicitly, but are part of the so-called individual potential grid. The potential grid
defines for each pedestrian the optimal path between all determined intermediate targets be-
fore (i.e. pre-trip) the pedestrian enters the system. The intermediate targets are defined by the
user during the layout setup. The generation of the potential grid is described in Stucki (2003)
and Engler (2006a). Additional information on the underlying concept is provided in Hoogen-

doorn et al. (2001). In the current version of SimWalk, parameter A, is set to a fix value (not
accessible) and B,, is by default to 0.5 m. For all subsequent investigations we worked with

B,=05m.

Figure 1 Visual example (snapshot) of potentials at a pedestrian crossing. The ‘red’
population is walking from right to left, the ‘blue’ one is walking from top to
bottom. (a) Instantaneous positions of the considered pedestrians, (b) The
potential field as seen by pedestrian i at different locations in the system but
with identical walking direction (denoted by blue arrow in a). The potentials
include those contributed by other pedestrians as well as those by the walls at the
system boundary. (From Steiner (2007a))

(a) .

sink for red
population

b

pedesthiare i

sink for blue
population

2.4 The reduced SFM and its model parameters

To reduce the computational complexity, as required for large scale simulations on a standard

personal computer, some simplifications are necessary. The main aspects were already dis-

cussed in the previous section. As a result, the force f; () acting on pedestrian i is defined by

f,(1)= fio(t)"‘zfiw(t) +Zfij(t)+§i(t)- ©)

J(#)

Defined by initial
potential grid computation

11



Thus, we only need to consider the interaction forces f;; () for parameter estimation. This

will be explained in section 3.

The velocity at time ¢+ AT for the reduced SFM is computed as

v,(t+AT)=1) ook (10)
i
With this, we finally get the position of pedestrian i at time ¢ +A7 from

The model parameters

Based on the SFM, there are actually four pedestrian specific model parameters (see also

Hoogendoorn and Daamen (2005)): (1) relaxation time constant 7;, (ii) individual free speed
vio , (iil) interaction intensity A;, and (iv) interaction distance B;. In the reduced SFM the re-
laxation constant 7; is not considered directly. The individual free speed le is drawn ran-
domly (i.i.d.) from N ( ,u,Gz), ie. vio is normally distributed with mean #=1.34 m/s and
standard deviation o =0.37 m/s (see Weidmann (1993)). However, we limited the values to
the range [VJ,VJ] by setting V}, (VO < VO_) =V, and V, (VO > V0+) =V, , with V; =0.4m/s
and V" =3m/s.

For further data on free speed distributions and empirical findings see Weidmann (1993),
Daamen (2004), Buchmiiller and Weidmann (2006) and the references therein.

The next step includes the estimation of A;, B; and from this D; = A; / B; (see Equation (5)).

Since the current version of SimWalk defines the parameters identical for all pedestrians, the

following holds: A, =, Vi and B, = /3, Vi, where we introduced the ‘global’ parameters

and f for the interaction intensity and the interaction distance, respectively. Additionally,

D; =A=a/f, Vi holds.

12



3. Measures for assessment

To determine the quality of the simulation outputs, we perform two individual assessments:

one on a macroscopic and one on a microscopic level.

On the macroscopic level we compare the aggregated data with the S-shaped curve according

to the well-known fundamental diagram by Weidmann (1993).

On the microscopic level, we investigate the trajectories of each pedestrian to get information
on how realistic the actual movements are. Under normal conditions pedestrians usually per-
form smooth movements, i.e. the angle between two steps is quite small. This assumption is
justified by empirical investigations (Steiner (2007b)), where video data at the upper side of a
ramp in a railway station were collected. From this we saw, that at least for densities of up to

3P/m?, pedestrians do not suddenly change their direction, i.e. the angle between the direc-

tion vectors of two subsequent steps tends to be very small. However, this is of course in con-
trast to high fluctuations as it is observed in panic situations (see Helbing (1997), Helbing et
al. (2002)). Since the major focus of SimWalk in its current version lies on the pedestrian be-

haviour under normal conditions, we concentrated on such scenarios.

The simulation runs were performed with the parameters & and £, which have discrete val-

ues only. The two sets, A and B, respectively are defined as

A={a,...,05} ={0.25,0.75,1.25,1.75,2.00,2.25,2.50,2.75} and (12)
B={p,..... 5} ={0.15,0.20,0.25,0.30,0.35,0.55,0.75,1.05} . (13)

We determined the ranges based on previous findings (Philipp (2007)) where values up to 3.5

for ¢ and values up to 1.3 for S were considered.

3.1 Macroscopic measure

On a macroscopic level, we assume, that the so-called fundamental diagram, i.e. the equilib-

rium relation between density p and pedestrian velocity V, holds, with parameters according

to Weidmann (1993) and Buchmiiller and Weidmann (2006), respectively. The density-

velocity relation ( p -V, ) is defined as

V.(p)=Vy {l—exp{—lc(%—tﬂ}, (14)
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where V;=1.34m/s denotes the mean free (desired) speed of the pedestrians,

K‘(z —1.913P/m2) is a form factor, and p,, (= 5.4 P/mz) denotes the maximum number of

pedestrians per meter square. We only consider the case of walking on plain ground. How-

ever, the cases for walking up or down a stair are similar, but with different parameters V,,

and x (see for example Helbing (1997) p.15).

We are aware of the fact, that the fundamental p—V,-relation introduced by Weidmann

(1993) is based on the study of a number of empirical results and thus can lead to some devia-
tions in particular cases, as the fundamental diagram reflects the local situation. However,
since it has shown to be reliable and therefore has become some kind of a reference, we will

also compare our simulation results with this curve.

We define the SSE (sum of squared errors) as a goodness-of-fit (GOF) measure for our re-

gression model:
ggﬂ = SSE (&, f;¢)

:é{v;(a,/)’)—ve Ei (Of’ﬁﬂ}2

(15)

where € A and B B denote the parameter values, N is the overall number of data points

considered, ¢ denotes the cell under investigation, with ce C= {14,...,19} (see also Figure 2),

and V) and p; represent the observed velocity and density, respectively, for data point .

The simulation time step Az is set to A =0.8s. The macroscopic variables V;" and p; are

computed for each Ar, i.e. each single point ke N is determined for a time window
[tk,...,tk +At) . However, in cases where no pedestrians are passing cell ¢, p; becomes zero

and ch is not determined, thus we compute the mean of the macroscopic variables over
R =20 time steps. This leads to a time interval AT = R-Ar and index [/ denotes the averaged
data points (see V, and p/ below). The macroscopic variables V;© and p; for cell ¢, are

computed in accordance with Edie (1963):

Density

14



where ¢ [0< ¢S < Atr) denotes the duration of stay of pedestrian m in cell ¢, M. is the set
m m y p C

of all pedestrians that passed the boundaries of the cell ¢ during the time interval, and

Ax=1m and Ay =1m define the length of the cell boundaries.

Flow

Unlike the computation of the density, flow and velocity are computed per flow direction.

Hence, the flow in x and y -direction are defined as

zme/\/lc L Zme./\/t Lcnf

o= AxAyAtm [P/(m-s)] and Q" =="==c—[P/(ms)]. (17)

where L and L)’ denote the distances walked by pedestrian m through cell ¢ within time
interval [t,....,t;, +At). Additionally, the following two conditions hold: 0< LY <Ax and
0< L) <Ay.

Velocity

From the density and flows we can now directly compute the velocities per direction:

o I cy L,
Ver = ch _ ZmEMc Z’ [m/s] and V¢ = ch = szMC :n [m/s]. (18)
Pk ZmeMC I Pr zme./\/lc im

Finally, the variables V and p; are computed according to

VC_VCX_I RVCX d C_l X Cc 19
1 =Y —_z x and g __zpk' (19)
R R

3.2 Microscopic measure

In normal conditions (free or congested), i.e. non-panicking, one would expect the pedestrians
to walk on a more or less ‘smooth’ trajectory. In other words, the angle between subsequent
steps (direction vectors) is assumed to be small. This expectation is substantiated by the

analysis of some video sequences, captured at a ramp in a railway station, Steiner (2007b).

The current release of SimWalk allows for a maximum change of the walking direction be-

tween two steps of /4 (45 degrees). As a measure for the smoothness of the trajectories we

15



define the mean deviation angle, averaged over all individual trajectories, over all pedestrians

and over all simulation runs.
The microscopic measure is defined as

m=l p=1
where M is the overall number of simulation runs (in our case M =10), N,, denotes the
number of pedestrians considered in simulation run m, and h € [0,7/4] denotes the aver-

age angle deviation (in radians) from zero per step for pedestrian p atrun m. h'} B is com-

puted according to

P -y,
K ) fctan(—‘” : 1)

= ¢ “a-1 J(Ot,ﬂ;p,m)

where S, denotes the total number of steps performed by pedestrian p within the system
boundaries or during the maximum simulation time considered, and the coordinates

(xq_l, yq_l) and (xq, yq) denote the positions in x - and y -direction at simulation step g —1

and ¢, respectively.

3.3 Combined measure

Based on the explanations in sections 3.1 and 3.2, we now define a combined measure, to find

the optimum parameters (0!*, s ) , 1.e. the parameter values that minimize the weighted com-

bination of the micro- and macroscopic measures. We can compute the overall measure either

per cell, which leads to (a*, ,6’*) or on average for all cells under investigation, which leads
C
to (a'*,ﬁ*).

It is important to note here, that for this purpose ggﬁ and h,g need to be rescaled such that

0< g;ﬁ <land 0< flaﬁ <1 holds. For the macroscopic measure this is done as follows:

855 =865~ 8tin) / (86x = &in ) » With g5, =r51}g(g2ﬂ) and g =12f1ﬁ><(g2{/3). (22)

16



For the microscopic measure %,z we apply the same procedure, which leads to h op - Finally

we get the optimal parameter values for cell ¢ from
(a*,ﬁ*)c :argnﬁn{nlg;ﬁ +nzﬁaﬁ‘aeA,ﬁeB}, (23)

where for the weights 77, +77, =1 holds. Since we give the macroscopic measure some more

weight, we set 77, =0.75 and 7, =0.25.

To get parameter values, which better reflect the average situation, we compute the mean of

the macroscopic measures from the cells considered:

~ 1 ~
8ap :ﬂz Sap - (24)
ceC
where |C| denotes the cardinality of set C, i.e. the number of cells considered and g;ﬁ is the

known, rescaled macroscopic measure for cell c¢. The cells under investigation were chosen
such that their major flow is in horizontal direction. Furthermore, it is required, that the den-
sity for those cells shows some variation. Based on this, we selected cells 14 to 19 (see also

Figure 2).

Finally, we get the parameters, which minimize the combined measures g, and h op from

(a*,ﬁ*):argmin{mgaﬂ +177, ﬁaﬁ‘aeA,ﬁeB}. (25)

3.4 Reference data for model parameters

In this section we give a brief overview on some suggestions and empirical findings found in

references for the parameter values & and £.

In Helbing and Molnar (1995) the authors recommend the following parameter values:

a=2.1m%/s* and B =03m which is in accordance with the values suggested in Helbing
(1997).

In Helbing et al. (2000), the original model was extended to model panic behaviour as well.

The according parameter values were a = 2.0 m?/s? and B =0.08m. It was argued in Lakoba

et al. (2005), that the value for £ is too small, and therefore they suggested to set

a=2.0m?%/s> and f=0.50m.

17



In Hoogendoorn and Daamen (2005) parameter estimations were performed for various mod-
els: (i) basic model (a simplified version of the model from Hoogendoorn and Bovy (2003),

and very similar to the SFM), (i1) instantaneous model including anisotropy 5 and (iii) re-

tarded anisotropic model. The estimates for the basic model resulted in A=/ =11.96 m/s?,

with a standard deviation of s, =0.23 m/s> ,and f=0.16m, with Sp= 0.08m, leading to

a=A8=192m?/s*.

If we take the values mainly considered for the original SFM, i.e. from Helbing and Molnar
(1995), Helbing (1997), and Hoogendoorn and Daamen (2005), we expect ¢ to lie within a
range of about 1.8 to 2.2 m?/s?, whereas for S a meaningful range is between 0.08 and 0.38

m.

Tests performed by Stucki (2003) were carried out with o =1.5 m?/s? and B =1.71m. The
value for £ was originally determined by Mauron (2002) from field trials. However, at least
B differs significantly from the other suggestions. Although the fundamental diagram from

simulations presented in Stucki (2003) matched well (qualitatively) with the curve suggested
by Weidmann (1993), our tests with the current software release and with these parameter val-

ues did not lead to satisfying results.

> Assuming anisotropy implies that a pedestrian will mainly react to pedestrians in front of her/him, but not, or

only to a small extent, to pedestrians behind her/him.
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4. Application

The investigations were made with the layout according to Figure 2. As discussed in the pre-
vious section, the macroscopic assessment was performed for cells 14 to 19, whereas the mi-
croscopic assessment was made for the whole area. The cells were chosen such that their ma-

jor flow is in horizontal direction and the density shows some variation.

Figure 2 Simulation layout: Corridor with a bottleneck and a one-directional pedestrian
flow from source to sink. The cells under investigation are cells 14 to 19.

ource

o PSS

Direction:of mation 14|15 |16 | 17 | 18 | 19

i 77 s

5m

H 1 2 3 4 5 6 7 8 9 10 11 12 1/7/141516 17 18 19 20 21 22 23 24 25 26 27 meters
L.,

Cells under i igation | 10m |

\ l

To have densities, that span the greatest possible range within the fundamental diagram, i.e.

ideally from O to p,.. . the pedestrian flow at the source was generated according to Figure

3, where the positions of the pedestrians in the starting area were determined randomly.

Figure 3 Pedestrian flow at source. The flow was gradually increased to guarantee that a
large density range is covered in the cells under investigation.
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5. Results

Based on the assessments defined in section 3 and the experimental setup outlined in section

4, we now present the simulation results together with their assessment.

5.1 Macroscopic assessment

In Figure 4 we show the mean of the macroscopic assessment for cells 14 to 19, according to
Equation (24). We see that for 2<a <2.5 and £>0.20 the measure is significantly lower
than for all other areas. From this it seems that the interaction intensity & has a larger influ-
ence than the interaction distance f. As we will see below, this is in agreement with the find-
ings from the microscopic assessment in section 5.2. However, the minimum found at

a=2.25 and [ =0.35 is quite clear and in good agreement with the expected parameter

ranges (see section 3.4).

Figure 4 Contour plot of the macroscopic assessment measure g4, i.e. the mean over

cells 14 to 19. White dots represent the parameter combinations for which the
measures were computed.
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Figure 5 Example of simulated density-velocity relations (red dots) for cell 15 compared
with the reference curve (black line) according to Weidmann (1993). (a)
a=225 and F=025; (b) =225 and F=0.75; (¢) a=2.50 and
£=0.55;() a=2.75 and f=1.05.
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Although we have only 60 data points (red dots) per parameter combination, we see that
mainly for (a) and (c), and less for (b) the dots are distributed more or less around the refer-
ence curve, whereas for (d) we see large deviations. These qualitative findings are in good ac-

cordance with the measures for g, as shown in Figure 4. From this we can conclude that the

macroscopic measure seems to be meaningful for the parameter estimation task in the context

herein.

5.2 Microscopic assessment

From Figure 6 we see that for o >2.25 the microscopic measure increases significantly, al-

most independently of £. This indicates that an increase in the interaction intensities leads to
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larger fluctuations in general. This is in good accordance with the following perception: Let

us assume that pedestrian j exerts some force on pedestrian i, while the distance between
them is defined by Ax and chosen such that an interaction is possible. Now, as pedestrian j

is moving around, the force on pedestrian i is varying proportionally to the interaction inten-
sity & . Assuming that we have the same distance Ax between the two pedestrians and at the
same time a higher &, the repulsive forces increases as well. This leads finally to higher spa-

tial fluctuations for pedestrian i.

Although for groups of pedestrians the interaction processes are a lot more complex than for
the above example with only two pedestrians, the fact holds for a group of pedestrians as well.
Thus, we can conclude that higher interaction intensities lead to higher spatial fluctuations in
general, i.e. larger angles between subsequent steps. The relation between ¢ and the angle
deviations, i.e. fluctuations, is usually nonlinear. We can observe this in Figure 6: Below
a<2.25 we see no significant additional deviations, whereas for « >2.25 the deviations
suddenly increase. Based on this we can say that the microscopic measure might help as well
to assess the simulation outputs regarding the model parameters. However, at the current

stage, we still overweight the macroscopic measure by factor 3, i.e. we choose 7, =0.75 and

m =0.25.

Figure 6 Contour plot of the microscopic assessment measure ﬁaﬁ' White dots represent
the parameter combinations for which the measures were computed.
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In Figure 7 we see some typical pedestrian trajectories at different points in time and for dif-
ferent densities. With increasing density, the pedestrians need to take some ‘detours’ to reach

their intermediate target.

Figure 7 Example of pedestrian trajectories at different points in time and at different
local densities. The range for density o denotes approx. the mean of the blue

cells A (c=14) and B (¢ =15). (a) pe[0,1], (b) pe[L,2], (c) pe[2.3], (d)

pe(3.4].
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5.3 Combined assessment

In Figure 8 we present the combined assessment for cells 16 (a) and 19 (b) as defined by
Equation 23 (section 3.3). In Figure 9 the combined assessment of the averaged macroscopic

measure and the microscopic measure is shown (according to Equation 25).

In Figure 8a we see two minima which are not as distinct as the one in Figure 8b, below. This
could result from the fact that the number of simulation runs was not very large. Further simu-
lation runs could improve the explanatory power of this plot. However, the region around the

white dotted line seems to have a lower value than its surrounding area and the trend is well in
accordance with the one in Figure 8b. In Figure 8b we see a clear minimum for & =2.25 and

B* =0.35. Again, the white dotted line indicates a possible trend.
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Figure 8 Contour plot for the combined measure (77, g5 +1, ﬁaﬁ) , where g denotes

the macroscopic measure for cell ¢ and h,y; represents the microscopic meas-

ure. (a) Combined measure for cell ¢ =16, (b) Combined measure for cell
¢ =19. White dots represent the parameter combinations for which the assess-
ment measures were computed. For both cells the combined measure was com-

puted with weights 7, =0.75 and 7, =0.25.

(a)

(b)

24



Finally, Figure 9 shows the combined assessment using the average of all cells for the macro-

scopic contribution. We see a clear minimum for & =2.25 and B =0.35. If we compare

these values with those from literature (see section 3.4) we find that " as well as ,B* are

within the expected range.

Under the assumption, that both measures are appropriate to assess the model quality, we can
state the following: Despite the simplifications of the investigated model, the two parameters
that describe the interactions between the pedestrians are within the expected range and lead

to meaningful results, at least for the scenarios investigated in this work.

Figure 9 Contour plot for the combined assessment using the average of all cells for the
macroscopic measure. An explicit minimum is found at " =225 and

B*=0.35 (yellow circle). White dots represent the parameter combinations for

which the assessment measures were computed. Again, the weights were set to
1, =0.75 and 1, =0.25.
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6. Summary and outlook

In this paper we presented results and assessments from investigations of the pedestrian simu-
lation tool 'SimWalk', which is based on a simplified version of the Social Force Model. This
reduced version includes two parameters that determine the interaction behaviour between

pedestrians.

The major goal of the work presented here was to show, whether and how much the model
simplifications influence the pedestrian behaviour. To assess the simulation outputs, we de-
fined two assessment measures (one for the macroscopic and one for the microscopic level).
With these measures at hand we determined the model parameters that minimize a combined
assessment measure. The optimal parameter values were computed for single cells as well as

for the average of all cells under investigation.

We found, that the implemented model leads to satisfying results, both on the macroscopic and
on the microscopic scale. We could show that the reduced SFM captured the major characteris-
tics regarding the fundamental diagram. Furthermore, we determined meaningful values for the

model parameters that are both well within the ranges suggested in literature.
For the further development of the model/the tool we suggest the following tasks:
Tests and comparisons

(1) Refinement of the tests performed herein, i.e. more simulation runs on a denser parame-

ter grid for & and B ;

(i1)) Comparison with trajectories from empirical investigations;

(iii)) Investigations on self-organised behaviour as found for example in two-directional
flows (lane formation) and at crossing flows (stripe formation): parameter sensitivity,

comparison with references (empirical and theoretical), incl. parameter influence;
Model extensions

(iv) Allow for setting the model parameters individually per pedestrian (parameter values

are drawn from specified distributions, determined by empirical investigations);

(v) Investigation of possible model extensions, towards the original version of the SFM (in-
cludes the relaxation time and anisotropy) and/or beyond (e.g., include finite reaction

time of the pedestrians); and

(vi) Integration of tactical behaviour (e.g., route choice).

26



References

ARE (2002) Aggregierte Verkehrsprognosen Schweiz und EU. Zusammenstellung vorhan-
dener Prognosen bis 2020. Bundesamt fiir Raumplanung (ARE), Eidg. Departement fiir
Umwelt, Verkehr, Energie und Kommunikation (UVEK).

ARE (2006) Perspektiven des schweizerischen Personenverkehrs bis 2030. Bundesamt fiir
Raumplanung (ARE), Eidg. Departement fiir Umwelt, Verkehr, Energie und Kom-
munikation (UVEK).

Bovy, P. H. L., E. Stern (1990) Route choice: wayfinding in transport networks. Studies in in-
dustrial organisation. Kluwer, Dordrecht.

Buchmiiller, S., and U. Weidmann (2006) Parameters of pedestrians, pedestrian traffic and
walking facilities. IVT Report 132, Swiss Federal Institute of Technology ETHZ.

Burstedde, C., A. Kirchner, K. Klauck, A. Schadschneider, and J. Zittartz (2001) Cellular
Automaton Approach to Pedestrian Dynamics — Applications, 87-97 in: M. Schrecken-
berg and S. Sharma (eds.), Pedestrian and Evacuation Dynamics, Springer, Berlin.

Daamen, W. (2004) Modelling Passenger Flows in Public Transport Facilities, PhD Thesis,
Delft University Press, Delft, The Netherlands.

Daamen, W., and S. P. Hoogendoorn (2003) Controlled experiments to derive walking behav-
iour. European Journal of Transport and Infrastructure Research, 3 (1), 39-59.

Daamen, W., S. P. Hoogendoorn, and P. H. L. Bovy (2005) First-order Pedestrian Traffic
Flow Theory, 1-14 in: Transportation Research Board Annual Meeting 2005, Washing-
ton DC, National Academic Press.

Di Gangi, M., F. Russo, A. Vitetta (2003), A mesoscopic method for evacuation simulation
on passenger ships: Models and algorithms, 331-340 in: E. Galea (ed.), Pedestrian and
Evacuation Dynamics 2003, CMS Press, University of Greenwich, London.

Edie, L. C. (1963) Discussion of Traffic Stream Measurements and Definitions, in: Proceed-
ings of the Second Int. Symposium on the Theory of Traffic Flow.

Engler, T. (2006a) Analyse und Bewertung von zwei Software-Tools zur Modellierung und
Simulation von Fussgéngerstromen, Projektarbeit, Ziircher Hochschule Winterthur, Win-
terthur.

Engler, T. (2006b) Untersuchungen zu Fussgéingerstromen im Hauptbahnhof Winterthur, Dip-
lomarbeit, Ziircher Hochschule Winterthur, Winterthur.

Helbing, D. (1992), A fluid dynamic model for the movement of pedestrians, Complex Systems
6 (5), 391-415.

Helbing, D. (1993), Boltzmann-like and Boltzmann-Fokker-Planck Equations as a Foundation
of Behavioral Models, Physica A 196 (4), 546-573.

Helbing, D. (1997) Verkehrsdynamik — Neue physikalische Modellierungskonzepte, Springer,
Berlin.

27



Helbing, D., and Molnar, P. (1995) Social force model for pedestrian dynamics. Physical Re-
view E, 51 (5), 4282-4286.

Helbing, D., I. J. Farkés, and T. Vicsek (2000) Simulating dynamical features of escape panic.
Nature, 407, 487-490.

Helbing, D., I. J. Farkds, P. Molnar, and T. Vicsek (2002) Simulation of pedestrian crowds in
normal and evacuation situations, 21-58 in: M. Schreckenberg and S. D. Sharma (eds.)
Pedestrian and Evacuation Dynamics, Springer, Berlin.

Hoogendoorn, S. P., P. H. L. Bovy (2000) Gas-kinetic modeling and simulation of pedestrian
flows, Transportation Research Record 1710, 28-36.

Hoogendoorn, S. P., P. H. L. Bovy (2003). Simulation of Pedestrian Flows by Optimal Con-
trol and Differential Games. Optimal Control Applications and Methods, 24, 153-172.

Hoogendoorn, S. P., P. H. L. Bovy (2004), Pedestrian route-choice and activity scheduling
theory and models, Transportation Research Part B 38 (2), 169-190.

Hoogendoorn, S. P., P. H. L. Bovy, W. Daamen (2001) Microscopic Pedestrian Wayfinding
and Dynamics Modelling, 123-154 in: M. Schreckenberg and S. D. Sharma (eds.) Pe-
destrian and Evacuation Dynamics, Springer, Berlin.

Hoogendoorn, S. P., W. Daamen (2005), Microscopic calibration and validation of pedestrian
models: Cross-comparison of models using experimental data, 329-340 in: A. Schad-
schneider et. al. (eds.) Proceedings of Traffic and Granular Flow '05, Springer, Berlin.

Kliipfel, H. L. (2003) A Cellular Automaton Model for Crowd Movement and Egress Simula-
tion, PhD Thesis, University Duisburg-Essen, Germany.

Lakoba, T. 1., D. J. Kaup, N. M. Finkelstein (2005) Modifications of the Helbing-Molnér-
Farkas-Vicsek social force model for pedestrian evolution. Transactions of the Society
for Modeling and Simulation International, 81 (3), 339-352.

Lewin, K. (1951) Field Theory in Social Sciences. Harper & Brothers, New York.

Lgvas, G. G. (1994) Modeling and simulation of pedestrian traffic flow. Transportation Re-
search Part B 28 (6), 429-443.

Mauron, L. (2002) Pedestrians simulation methods, Master Thesis, Swiss Federal Institute of
Technology ETHZ.

Maw, J. R., M. Dix (1990), Appraisal of station congestion relief schemes on London Under-
ground, in: Proceedings of Seminar H on Transportation Planning Methods, 18th, PTRC
Summer Annual Meeting, University of Sussex, September 1990.

Molnér, P. (1995) Modellierung und Simulation der Dynamik von Fussgédngerstromen. Dis-
sertation. Universitét Stuttgart, Fakultidt Physik.

Philipp, M. (2007) Kalibration und Validierung eines Agenten-basierten Simulationsmodells fiir
Fussgingerstrome am Bahnhof Winterthur, Projektarbeit, Ziircher Hochschule Winter-
thur, Winterthur.

28



Schadschneider, A. (2002) Cellular Automaton Approach to Pedestrian Dynamics - Theory,
75-86 in: M. Schreckenberg and S. D. Sharma (eds.) Pedestrian and Evacuation Dy-
namics, Springer, Berlin.

Steiner, A. (2007a) Agenten-basierte Modellierung und Simulation (ABMS) mit MAT-
LAB™, Sommersemester 2007, Ziircher Hochschule Winterthur.

Steiner, A. (2007b) Extraction of pedestrian trajectories from video sequences captured by web-
cams. Internal working paper, unpublished. IDP, Zurich University of Applied Sciences
ZHAW.

Still, K. (2000) Crowd dynamics. PhD Thesis. Department of Mathematics, University of War-
wick.

Stucki, P. (2003) Obstacles in pedestrian simulations, Master Thesis, Swiss Federal Institute of
Technology ETHZ.

Teknomo, K. (2002) Microscopic Pedestrian Flow Characteristics: Development of an Image
Processing Data Collection and Simulation Model. PhD Thesis. Department of Human
Social Information Sciences Graduate School of Information Sciences, Tohoku Univer-
sity, Japan.

Weidmann, U. (1993) Transporttechnik fiir Fussgiinger, Schriftenreihe 90, IVT, ETH Ziirich.

ZVV (2006) Strategie 2009-2012. Grundsitze iiber die Entwicklung von Angebot und Tarif im
offentlichen Personenverkehr. Erlduternder Bericht. ZVV Ziircher Verkehrsverbund.
Ziirich.

Acknowledgements

The authors would like to thank Pascal Stucki who is with Audatex AG, for supporting us by
integrating and testing new model functionalities, which helped to improve the quality of the
model significantly. We also want to thank Jiirg Hosang, head of the IDP, for valuable com-
ments and discussions. Finally, we want to thank Serge Hoogendoorn and Winnie Daamen,

both with Delft University of Technology, for valuable discussions.

29



